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QSTN
A Modular Framework for Robust Questionnaire Inference with LLMs
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Code & Documentation:
github.com/dess-mannheim/QSTN

Paper:
aclanthology.org/2026.eacl-demo.37

https://github.com/dess-mannheim/QSTN/
https://aclanthology.org/2026.eacl-demo.37/
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Persona Collections

An Overview
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Population-aligned
Personas

▪ Population-Aligned Personas
(Hu et al., 2025)

▪ PERSONA
(Castricato et al., 2025) 

▪ Nemotron Personas
(Nvidia, 2025)

▪ Anthology
(Moon et al., 2024)

▪ Synthia
(Rahimzadeh et al., 2025)

Non-aligned 
Personas

▪ PersonaHub
(Ge et al., 2025)

▪ …

Individually-
aligned Personas

▪ Generative Agent 
Simulations of 1,000 
People
(Park et al. 2024)

▪ …

Individually and 
Population-

aligned 
Personas

(German) General 
Social Survey 

Personas

A Classification Attempt…
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https://arxiv.org/abs/2509.10127
https://aclanthology.org/2025.coling-main.752/
https://huggingface.co/collections/nvidia/nemotron-personas
https://aclanthology.org/2024.emnlp-main.1110/
https://arxiv.org/abs/2507.14922v2
https://arxiv.org/abs/2406.20094
https://arxiv.org/abs/2411.10109
https://lrec.elra.info/lrec2026-main-139
https://lrec.elra.info/lrec2026-main-139
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Rupprecht et al. 2026, German General Social Survey Personas: A Survey-Derived Persona Prompt 

Collection for Population-Aligned LLM Studies, LREC 2026

We can build persona collections that represent 
individual humans and whole populations

https://lrec.elra.info/lrec2026-main-139
https://lrec.elra.info/lrec2026-main-139


Which data do we use?

Analogous to the German General 
Social Survey, we can create a 
representative persona collection from 
the General Social Survey from the U.S.
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There are various ways to induce personas.
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Personas are induced in various ways…
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Deshpande, A., Murahari, V., Rajpurohit, T., Kalyan, A., & Narasimhan, K. (2023). Toxicity in ChatGPT: 

Analyzing Persona-assigned Language Models. In Findings of the Association for Computational Linguistics: 

EMNLP 2023, pages 1236–1270, Singapore, ACL 2023.

https://aclanthology.org/2023.findings-emnlp.88/


Personas are induced in various ways…
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Hu, T., & Collier, N. (2024). Quantifying the Persona Effect in LLM Simulations. In Proceedings of the 62nd Annual 

Meeting of the Association for Computational Linguistics (Volume 1: Long Papers), pages 10289–10307, ACL 2024. 

https://aclanthology.org/2024.acl-long.554/


Personas are induced in various ways…
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Gupta, S., Shrivastava, V., Deshpande, A., Kalyan, A., Clark, P., Sabharwal, A., & Khot, T. (2024). Bias Runs Deep: Implicit 

Reasoning Biases in Persona-Assigned LLMs. In The Twelfth International Conference on Learning Representations, ICLR 2024. 

https://arxiv.org/abs/2311.04892


Personas are induced in various ways…
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Bisbee, J., Clinton, J. D., Dorff, C., Kenkel, B., & Larson, J. M. (2024). Synthetic Replacements for Human 

Survey Data? The Perils of Large Language Models. Political Analysis, 32(4), 401–416. 

https://www.cambridge.org/core/journals/political-analysis/article/synthetic-replacements-for-human-survey-data-the-perils-of-large-language-models/B92267DC26195C7F36E63EA04A47D2FE


So how should we induce personas?
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Lutz, M., Sen, I., Ahnert, G., Rogers, E., & Strohmaier, M. (2025). The Prompt Makes the Person(a): A Systematic Evaluation of 

Sociodemographic Persona Prompting for Large Language Models. In Findings of the Association for Computational Linguistics, 

pages 23212–23237, EMNLP 2025. 

https://aclanthology.org/2025.findings-emnlp.1261/


Interview-style prompts improves alignement

Prompting in an interview-

style format [...] can help 

reduce stereotyping and 

improve alignment.
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Lutz, M., Sen, I., Ahnert, G., Rogers, E., & Strohmaier, M. (2025). The Prompt Makes the Person(a): A Systematic Evaluation of 

Sociodemographic Persona Prompting for Large Language Models. In Findings of the Association for Computational Linguistics, 

pages 23212–23237, EMNLP 2025. 

https://aclanthology.org/2025.findings-emnlp.1261/


Response Generation
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There are various ways to generate survey responses.
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There are various ways to generate survey responses.

“The text answers are more 
robust to question perturbations 
than the first token probabilities, 
when the first token answers 
mismatch the text answers.”

Wang et al. (2024), Look at the Text: Instruction-Tuned Language Models are More Robust Multiple 

Choice Selectors than You Think, arXiv:2404.08382 21

https://arxiv.org/abs/2404.08382


There are various ways to generate survey responses.

Wang, X., Ma, B., Hu, C., Weber-Genzel, L., Röttger, P., Kreuter, F., Hovy, D., & Plank, B. (2024).

"My Answer is C": First-Token Probabilities Do Not Match Text Answers in Instruction-Tuned Language 

Models. In Findings of the Association for Computational Linguistics, pages 7407–7416, ACL 2024. 

“Results show that the two 
approaches [text output and 
first token probabilities] are 
severely misaligned on all 
dimensions, reaching mismatch 
rates over 60%. Models heavily 
fine-tuned on conversational or 
safety data are especially 
impacted.”
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https://aclanthology.org/2024.findings-acl.441/


There are various ways to generate survey responses.

Röttger, P., Hofmann, V., Pyatkin, V., Hinck, M., Kirk, H., Schuetze, H., & Hovy, D. (2024). Political Compass or Spinning Arrow? 

Towards More Meaningful Evaluations for Values and Opinions in Large Language Models. In Proceedings of the 62nd Annual 

Meeting of the Association for Computational Linguistics (Volume 1: Long Papers), pages 15295–15311, ACL 2024. 

“We find that most prior work 
using the PCT forces models to 
comply with the PCT’s multiple-
choice format. We show that 
models give substantively 
different answers when not 
forced; that answers change 
depending on how models are 
forced; and that answers lack 
paraphrase robustness.”
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https://aclanthology.org/2024.acl-long.816/


So how should we generate survey response?

24

Ahnert, G., Haensch, A.-C., Plank, B., & Strohmaier, M. (2026). Survey Response Generation: Generating Closed-Ended Survey 

Responses In-Silico with Large Language Models. In Proceedings of the 64th Annual Meeting of the Association for 

Computational Linguistics (Volume 1: Long Papers), pages 41554–41577, ACL 2026. 

https://aclanthology.org/2026.acl-long.1927/


Restricted Method > First-Token & Open-
Endedness

We suggest considering Restricted 
Generation Methods:

- consistently showed significant 
improvement over other methods 

- being more computationally 
efficient than Open Generation 
Methods.
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Ahnert, G., Haensch, A.-C., Plank, B., & Strohmaier, M. (2026). Survey Response Generation: Generating Closed-Ended Survey 

Responses In-Silico with Large Language Models. In Proceedings of the 64th Annual Meeting of the Association for 

Computational Linguistics (Volume 1: Long Papers), pages 41554–41577, ACL 2026. 

https://aclanthology.org/2026.acl-long.1927/


Based on these findings, we’ll work with…
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Survey Data for 
persona generation 
from the General 
Social Survey (USA)

Interview-style 
induced persona 
descriptions

Restricted Survey 
Response 
Generation 



Do you have questions?

Next:
github.com/dess-

mannheim/tutorial_survey_si
mulation
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https://github.com/dess-mannheim/tutorial_survey_simulation

